Pattern Design Bespoke System Considering Individual Differences
in Affective Evaluation Using Multi-task CNN

Kensuke Tobitani Sho Hashimoto
Kwansei Gakuin University

Introduction

Nonomi Yamashita Miyuki Toga Noriko Nagata

(3) Construction of Impression Estimation Models

®Background

- In product design, affective evaluation attracts attention

+ Affective evaluation
- The feelings and impressions (aesthetics) evoked by surface properties of materials
- An important factor in evaluating and judging the value and favorability of a product

® Multi-task learning

- Methods for solving multiple tasks with a single model

» Common factors can be acquired across tasks,
improving the prediction accuracy of the model

regression

» However, affective evaluation varies by individual - Main task: “like - dislike” reg ression tasks
- |In the fashion indUStr}ﬂ. customization and DEI’SDHE”EEﬂDn are vital - Sub tasks: 28 ]mprESS]Dn words reg ression aaurs ’[ feeling word ] ’ main task
« e.g., custom products
» However, existing recommendation systems require a lot of data to find products | |
that match the user’s desired image b eermsted ., Impression
®Purpose
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« Focus on individual differences in affective evaluation
. mwlmm irn:ruersdsgﬂn

Proposed Method : :
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(1) Quantification of Visual Impressions

®Subjective evaluation experiments

®Qverall impression estimation model

- Participants: 4,440 non-experts recruited through crowdsourcing valuation words | correlation
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