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Abstract We propose a method to visualize evaluation structures from review data using a graph neural network-based
model. The proposed method considers the evaluation structure as a directed acyclic graph and performs inference using a graph
neural network. First, we introduce causal pair data considering the hierarchy of sensitivities into the training data and include
linguistic features in the edge features and train with an Edge Graph Attention Networks-based model. Next, we construct a
graph structure that considers the directionality of concepts by using a graph construction method that takes into account
maximum spanning trees and topological sorting. Experimental results show that linguistic features contribute significantly to
accuracy, suggesting the usefulness of this method.
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