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Abstract We propose a novel method for automatically visualizing the evaluation structure, as used in the evaluation grid method, from
textual data such as product reviews. Our approach utilizes large language models (LLMs) and discourse relation analysis. The method first
extracts causal relationships from the text data using an EventGraph, creating causal pairs between evaluation criteria. Subsequently, similar
evaluation criteria are clustered into categories, and representative key phrases for each category are generated via prompt engineering with
GPT-4. Finally, this information is fed into an evaluation structure visualization system to produce the final evaluation structure. Experimental
results demonstrate that the proposed method achieves high accuracy in both category generation and keyphrase generation.
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