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Abstract The aim of this study is to construct a model for estimating impressions and emotions based on the hierarchical
structure of emotions, focusing on the emotional quality of textured patterns on clothing. Impressions and emotions are quantified
in subjective evaluation experiments on pattern images, and a sensitivity estimation model is constructed using multitask learning.
By learning various impressions simultaneously using multitask learning and connecting them to the emotion layer, it is possible
to express the relationship between impressions and emotions in the hierarchical structure of sensitivity. Comparison of the

accuracy with single-task models confirms the usefulness of multitask learning.
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