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Abstract Emotion recognition technology based on facial expression recognition(FER) is expected to be used in
various situations from the viewpoint of naturalness. However, it is a difficult task due to individual differences in
facial expressions. Conventional FER methods have focused on extracting features that express only facial expres-
sions. In addition, facial expressions are treated as independent categorical variables. In the field of psychology,
it has been suggested that basic emotions have properties of similarity and opposition. For example, "anger” and

%N

”disgust” and similar emotions. In addition, basic emotions can be divided into "negative,” ”positive,” and ”other”
emotions. We propose a transformer-based FER method that hierarchically classifies these basic emotions based
on their relationships. We evaluated the proposed method on the DFEW dataset, which is a large-scale natural
environment dataset, and found that the accuracy of the proposed method is higher than that of conventional

methods.
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